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1. Introduction  

Gender pay equity in academic life has attracted attention in BC recently, in part because 

UBC and the University of Victoria produced salary equity studies that generated much 

attention and some institutional response (UBC 2011; University of Victoria 2014).  As 

SFU is a different university, with a different history and institutional setting, we aim to 

estimate the gap in pay - if any - between male and female research and teaching faculty 

in order to assess whether or not gender pay equity is an issue at SFU.  We have access to 

data on all research and teaching faculty over 2004-2013.  These data provide 

information on salary levels and salary composition, indicators for endowed chairs, 

department and faculty, years of service at SFU, years in current rank and rank for each 

faculty member over time. Consequently, whereas other studies focused exclusively on 

current year pay gaps (and their dependence on salary composition and gender sorting 

across disciplines), our study will additionally trace the history of pay disparity over the 

last decade, consider whether or not disparities exist in promotion rates and/or starting 

salaries, and consider the effect of parental and other leaves on salary progress. 

2. Analysis  

2.1 Baseline Estimates: Research Faculty 
 

We begin with research faculty, the largest group of faculty members at SFU.  We 

consider teaching faculty below in Section 2.6. Here, we use records on all full-time 

research faculty members on tenure-track or in tenured positions, who are not on leave in 

a given year (thus, we do not include sessional lecturers, instructors, lecturers or senior 

lecturers). Table 1 gives the numbers of male and female research faculty members in our 
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sample in each year.  Women made up 28 per cent of faculty in 2004, but this fraction has 

been growing modestly, and was roughly 33 per cent in 2013.   

Table1: Faculty Counts by Gender and Year, 2004–2013 
Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

male 498 518 536 555 573 564 554 552 556 552 

female 200 220 248 273 277 279 274 276 276 272 

total 698 738 784 828 850 843 828 828 832 824 

 

Table A1 (Appendix A) presents the percentage of female faculty by departmental unit for 

the year 2013, illustrating that the distribution of female faculty in the university is 

unequal; while women are overrepresented in some departments, they are 

underrepresented in others, with some sizeable departments below 15 per cent female 

faculty. Table A2 (Appendix A) presents summary statistics of the other variables used in 

our study, again for the year 2013.1 

Table 2 gives the average salary excluding administrative stipends (but including all other 

stipends, such as market differentials, retention awards and research chair stipends) by 

year for male and female faculty.  It also shows the difference in average salary between 

male and female faculty, expressed in dollars and as a percentage gap.  The key lesson 

from Table 2 is that male faculty members earn more than female faculty members in 

every year.  Table A3 (Appendix A) shows that this is true within ranks as well.  Further, 

the salary difference between male and female faculty members does not seem to be 

shrinking over time – if anything, it appears that gaps are growing over time.  By 2013, 

female research faculty members had average salaries $12,476 lower than did male 

research faculty members.   

An important difference between male and female faculty, as evident in Table A1, is that 

male faculty are more likely to be in higher-paying departments (e.g., Computing 

Science) than are female faculty. Thus, the results in Table 2 (and Table A3) may conflate 

the gender of a person with their discipline of study in the determination of salaries.  To 

deal with this, and other characteristics that may affect salaries and be correlated with 
                                                           
1 For brevity of exposition, the term “departments” comprises both departmental units within faculties as 

well as all non-departmentalized faculties (Education, Health Sciences, Beedie School of Business). 
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faculty gender, we use regression analysis.  Regression analysis is a statistical tool that 

allows us to make statements about pay gaps between male and female faculty with 

similar observed characteristics.   

The idea of regression analysis is to control for other characteristics that affect salary 

while still focusing on the effect of being female on attained salary.  The regressions have 

the total salary excluding administrative stipends as the dependent variable, and are 

estimated separately for each year.  The controls (aka: "independent variables "; 

"regressors") are: rank (Assistant, Associate or Full Professor), years in current rank (and 

its square to account for the slowdown of salary growth after many years in rank), 

indicators that a faculty member holds one of several types of endowed chairs, and the 

department of the faculty member.   

It is very important to remember that although we do control for the variables listed 

above, we do not control for anything else.  If there are other variables that are correlated 

with salaries and also correlated with gender, then our analysis will assign that joint 

correlation to gender.  For example, although we control for Department, we do not 

control for each individual's research methodology within Department.  If qualitative 

researchers command lower salaries than do quantitative researchers, and if women are 

more likely to be qualitative researchers, then our methods will detect a gender gap even 

if all qualitative researchers within a department are paid identically (and likewise for all 

quantitative researchers).  We will return to this point later. 

Table 3 presents the results of the analysis.  It gives regression estimates of the pay gap 

between male and female faculty for each year 2004-2013.  We report 2 types of 

regression estimates.  The upper row gives estimates of the dollar gap in salary between 

male and female faculty.  The lower row gives estimates of the proportionate gap in 

salary2.  Below each estimated gap, we report the standard error of the estimated gap.  

The standard error is a measure of the precision of an estimated number.  As a rule of 

thumb, if the estimated salary gap is less than 2 standard errors away from zero, it is not 

considered statistically significant.  If an estimated salary gap is statistically significant, 

                                                           
2 The estimated proportionate salary gap is computed from regressions where the natural logarithm of 

salary (rather than salary itself) is the dependent variable. 
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then there is less than a 5 per cent chance that the true value of the salary gap is zero.  We 

denote an estimated coefficient that is statistically significantly different from zero at the 

5 per cent level with a “*”.  Since we are interested in whether or not salary gaps exist, if 

we find that salary gaps are statistically significant, then we are expressing confidence 

that the gaps are actually not zero. Thus, we will pay closest attention to estimated gaps 

that are both large in magnitude (thus meriting our concern) and statistically significant 

(thus measured precisely enough to be distinguishable from zero). 

We also evaluate the goodness-of-fit of each dollar regression (not the proportionate 

regressions) with the R-squared statistic.  This statistic measures the proportion of 

variation in salaries that is explained by our control variables.  If it is equal to 1, then we 

explain all the variation in salaries with our controls; if it is equal to zero, then we explain 

none of it.  

Since regression estimates control for the observed characteristics listed above, we may 

read the estimated gap as giving the difference in salary between male and female faculty 

members who are the same rank, with the same years in rank, are in the same department 

and who don't hold endowed chairs.  Alternatively, one can think of the reported 

coefficient as showing the gap in salary that is not “explained” by rank, years in service, 

department etc.  

Consider the dollar gap in salary.  In Table 3, the upper right number gives the estimated 

coefficient on the female indicator in the regression for the year 2013.  The number 

reported is -2403, which means that female faculty who had the same rank, years in rank 

etc. could expect to earn $2403 less annually than a comparable male faculty member.  

We will refer to this as a gender gap of $2403 (a positive number).  The standard error 

reported below is 969, which means that the coefficient is more than 2 standard 

deviations from zero.  Consequently, we say that it is statistically significant, and we can 

be relatively sure that the true value of the gap is not zero.  
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Table 2: Salary Gap, Raw Differentials - Academic Faculty 

Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

male 97,923 99,232 102,209 106,310 110,767 115,960 120,049 121,617 124,314 128,110 

female 88,556 90,514 91,565 94,551 99,029 103,723 107,184 109,116 111,852 115,634 

gap -9,367 -8,718 -10,644 -11,759 -11,738 -12,237.02 -12,865 -12,501 -12,462 -12,476 

%age gap -10% -9% -10% -11% -11% -11% -11% -10% -10% -10% 

Observations 698 738 784 828 850 843 828 828 832 824 

 

Table 3: Ordinary Least Squares Estimates of the Effect of Gender on Annual Salaries 2004-2013 

Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

female 
124 

(747) 

-1,002 

(821) 

-1,151 

(822) 

-1,446 

(791) 

-1,886* 

(810) 

-2,300* 

(822) 

-2,020* 

(849) 

-1,933* 

(902) 

-2,222* 

(933) 

-2,403* 

(969) 

female 

(log salaries) 

0.003 

(0.008) 

-0.006 

(0.008) 

-0.009 

(0.008) 

-0.011 

(0.007) 

-0.013 

(0.007) 

-0.017* 

(0.007) 

-0.014* 

(0.007) 

-0.014* 

(0.007) 

-0.016* 

(0.007) 

-0.017* 

(0.007) 

Observations 698 738 784 828 850 843 828 828 832 824 

R-squared 0.81 0.79 0.80 0.80 0.79 0.79 0.80 0.78 0.78 0.77 

Note: Dependent variable is annual salary, not including administrative stipends. An asterisk * denotes significance at the 5% level or higher. The standard errors 

in parentheses are heteroskedasticity-robust. Regressions control for the following covariates: rank, stipend holders, years-in-rank, years-in-rank squared, and 

dummies for departmental units. The R-squared is reported for the level (non-logged) regression.  
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The upper left number in Table 3 gives the estimated coefficient on the female indicator 

in the regression for the year 2004.  Here, the number is 124, meaning that female faculty 

who had the same rank, years in rank etc. could expect to earn $124 more annually than a 

comparable male faculty member.  This number is quite small.  Further, it is not 

statistically significant (because the standard error of this estimate is $747, so it is less 

than 2 standard errors from zero). Alternatively put, the estimated gender gap is small and 

negative in 2004, but it is not statistically distinguishable from zero.   

The estimated gap became positive over time.  By 2008, it grew to $1886 and had a 

standard error of $810. This magnitude is thus large and statistically significantly 

different from zero.  The gap stayed large and statistically significant thereafter.  

If there were dollar gaps between the salaries of male and female faculty, then because 

our salary system includes increases that come as proportions of salary (like general wage 

increases), these dollar gaps would tend to increase over time.   

An alternative way to measure the gaps is as proportionate gaps. The proportionate gaps 

(the lower row in Table 3) follow a similar pattern.  The gender salary gap is near zero 

and statistically insignificant in 2004, and grows to 1.3 per cent (0.015) in 2008.  This 

proportionate gap is statistically significant and stays roughly stable through 2013.  By 

the end of the period, the estimated proportionate gap is 1.7 per cent.   

Recall from Table 2 that female research faculty had average salaries $12,476 less than 

did male research faculty members in 2013.  The estimated gap from our regression 

analysis from the same year is $2403.  This latter gap controls for distribution of male 

and female faculty across rank and departments, years-in-rank and endowed chairs.  

Thus, the lesson from our baseline analysis in Table 3 is that although these factors 

explain some variation in salaries, they do not fully explain the salary disparity shown in 

Table 2. There remains a gender gap in salary, which is unexplained by these observed 

faculty characteristics.3  

                                                           
3 As noted in Footnote 1, some faculties (Education, Health Sciences, Beedie School of Business) are non-

departmentalized, and may have variation in salaries within them that is driven by different demand 

conditions across disciplines (e.g., anthropologists versus epidemiologists within Health Sciences). If men 

and women are equally represented across these disciplines, but women face a salary gap within 
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An interesting feature that we observe in Tables 1 and 3 is that there seems to be two 

distinct periods relevant to gender salary disparity at SFU.  From 2004 to 2008, we see in 

Table 1 that SFU hired many women, increasing their faculty complement from 200 (28.6 

per cent) to 277 (32.6 per cent).  Over this period, Table 3 shows gender disparity grew 

from roughly zero to about $2000. After 2008, we see in Table 1 that the overall numbers 

of male and female faculty did not change much, and we see in Table 3 that the gender 

salary gap did not change either, and remained in the neighbourhood of $2000 through 

2013.   

In the following sections, we elaborate on the possible sources of this disparity. 

2.2 How Much Does Gender Allocation Across Departments and Rank Matter? 
 

Tables 2 and A3 shows that raw gender gaps (which do not adjust for Department, 

endowed chair stipends, or years in rank) are on the order of $5,000 to $10,000 

(depending on rank) in 2013.  However, when we control for observed characteristics of 

faculty the disparity drops to less than $2,500.  This means that these observed variables 

together account for at least half of the raw gender gap.  An interesting question thus is:  

how much of gender disparity is accounted for by each factor (rank, stipends, years in 

rank, department)? 

An econometric method, related to regression analysis, called Oaxaca-Blinder 

Decomposition, can provide an answer to this question (see Blinder 1973, Oaxaca 1973 

and Oaxaca and Ransom 1994 for details).  Essentially, this decomposition method asks, 

for any characteristic (such as rank or department): if men had the same distribution of 

that characteristic as did women, how much would men's salaries change?  The leftmost 

                                                                                                                                                                             

disciplines, our methods would consistently estimate this salary gap.  However, if men in non-

departmentalized faculties are over-represented in higher salary disciplines, then our methods might over-

estimate the salary gap.  To assess this possibility, we estimated the gender salary gap for departmentalized 

faculties only. Here, we find that, as in Table 3, the gap is small and insignificant before 2008, and large 

and (marginally) statistically significant thereafter. In 2013, the estimated salary gap for the 654 faculty 

members in non-departmentalized faculties was $1,772 (about one quarter less than the estimated gap 

reported in Table 3, but still within its range of statistical variability).  That the gap is smaller when we 

exclude the non-departmentalized faculties suggests that either higher-pay faculties have higher gender 

salary gaps (because both Business and Health Sciences are higher-pay faculties), or that there is a lot of 

gender sorting across disciplines in non-departmentalized faculties.  We investigate the former hypothesis 

below, and find some support for it, but cannot investigate the latter hypothesis due to the fact that we do 

not observed discipline for people in non-departmentalized faculties.   
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columns of Table 4 provide answers to this question for the 824 observations in our 2013 

data. 

In the top left corner, we see that the overall gender gap in salary (as shown in Table 2) 

was $12,476.  Proceeding down the column, we find that $4,835 is explained by the 

allocation of faculty members across rank (corresponding to the differences in average 

salaries across rank observed in table A3). This means that, if male faculty had the same 

distribution across rank as did female faculty (with all other characteristics held fixed), 

then they would earn $4,835 less.  This number is statistically significant, so we can be 

relatively sure that it is not zero.  In contrast, the effect on salaries of the distribution of 

faculty across years in rank and across chair stipends is not statistically significantly 

different from zero.  These characteristics may not be important drivers of the salary gap.  

The remaining observed characteristic is department, and we see that if men had the same 

distribution across departments as did women, then their salaries would be $3,954 lower.  

Thus, we conclude that the distribution of men and women across rank and department 

are very important in accounting for salary disparity. 

Table 4: Oaxaca-Blinder Decomposition (Year 2013, 824 Observations) 

Coefficients of 

Counterfactual Salaries 

Male 

Coefficient 

% of 

gap 

Female 

Coefficient 

% of 

gap 

Pooled 

Coefficient 

%of 

gap 

Raw Salary Differential 12,476  12,476  12,476  

Accounted for by differences in characteristics 

Rank 
4,835* 

(1,132) 
38% 

4,361* 

(1,034) 
35% 

4,738* 

(1,103) 
38% 

Stipend 
729 

(494) 
6% 

9 

(277) 
- 

730 

(473) 
6% 

Years in rank 
358 

(255) 
3% 

1,536* 

(535) 
12% 

749* 

(278) 
6% 

Departments 
3,954* 

(1,092) 
32% 

4,177* 

(1,147) 
34% 

4,263* 

(1,007) 
34% 

Total 
9,877* 

(1,666) 
79% 

10,082* 

(1,698) 
81% 

10,480* 

(1,601) 
84% 
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Unexplained 
2,600* 

(1,083) 
21% 

2,394* 

(1,197) 
19% 

1,996* 

(782) 
16% 

Note: Dependent variable is annual salary (not including administrative stipends). An asterisk * denotes 

significance at the 5% level or higher. Standard errors are in parenthesis. 

  

The bottom left cell of Table 4 gives the amount of the raw salary gap that is unexplained 

by the observed characteristics of male and female faculty members.  This unexplained 

amount of $2,600 may be attributed to faculty gender.  The Oaxaca-Blinder 

decomposition is a less restrictive model than that of Table 3.  That this number is close 

to the gender gap presented in Table 3 is comforting.  It tells us that the restrictions 

imposed by the linear regression analysis with an indicator variable for gender (that 

underlies our baseline analysis) are acceptable. 

The middle and rightmost columns of Table 4 present alternative Oaxaca-Blinder 

decompositions.  The middle column gives answers to the question: if women had the 

same distribution of a particular characteristic as did men, how much would women's 

salaries change?  The rightmost column gives answers to the question: if a person (male 

or female) switched their distribution of characteristics from those of men to those of 

women, how much would their salary change?  The bottom line from these alternative 

decompositions is that rank and department are still the key drivers which account for the 

difference between male and female salaries on average, and that at least $2,000 remains 

as the (unexplained) gender gap.  

2.3 Is Salary Disparity Driven by Differences in Scale? 
 

The salary structure at SFU is driven partly by placement on salary scales and partly by 

off-scale additions to salary, including market differentials and retention awards.  

Retention awards are particularly interesting because the timing of the introduction of 

retention awards roughly coincides with the timing of increased gender disparity in 

faculty salaries.  Consequently, we are interested in asking which components of salary 

have more or less gender disparity.   
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Table A4 gives summary information on retention awards and other-off-scale amounts for 

the year 2013.  Here, we see that, at every rank, a greater proportion of men have positive 

retention awards and positive off-scale amounts than do women.  Further, we see that, at 

every rank, men who have positive retention awards or positive other off-scale amounts 

have on average higher retention awards and other off-scale amounts than do women.  

However, as with our investigation of overall salary gaps, we wish to control for 

department so as to find out whether or not such differences remain for men and women 

in the same department. 

We approach this question via estimating a triplet of regressions similar to that underlying 

Table 3, but with the dependent variables given by base salary (aka: scale, including 

merit awards), retention awards and other off-scale amounts (including market 

differentials, endowed chair stipends and other awards), respectively.  The independent 

variables are the same as those in our baseline regressions shown in Table 3, except that 

we do not include indicators that faculty hold endowed chairs4. 

To estimate this triplet of regression models we use seemingly unrelated regression 

analysis (see Zellner 1962).  Here, the idea is that the three components of salary may be 

estimated as separate regressions, while allowing for the possibility that the observed and 

unobserved components of the regression equations are correlated across the salary 

components.  We present estimates for the year 2013 in Table 5.   

Table 5: Decomposing Salary Gap into Contributions of Components (Year 2013, 824 Observations) 

Salary components Base Salary Retention Award  
Other Off-Scale 

Amounts 
Total gap  

Female  
-556 

(376) 

-115 

(391) 

-1,732 

(898) 

-2403* 

(969) 

% of total gap 23.1 % 4.8% 72.1%  

Observations 824 824 824 824 

                                                           
4 Since endowed Chair stipends are an important component of other off-scale stipends, it may be that 

including indicators for Chairs might account for ‘too much’ variation in salary.  For example, we show in 

appendix table A2 that only 20 per cent of Chair holders in 2013 were women.  To check whether this 

matters to our conclusions, we ran regressions excluding these indicator variables. Our findings about 

gender disparity across salary component are robust to excluding indicators for Chairs. 
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R-squared 0.94 0.24 0.61 0.77 

Note: An asterisk * denotes significance at the 5% level or higher. Standard errors are in parentheses. 

Regressions include as further covariates rank, years-in-rank, years-in-rank squared, endowed chairs, and 

departmental fixed effects.   

 

These estimates are fully comparable to those in Table 3.  Thus, we can think of this 

model as decomposing our baseline model into 3 components of salary, which by 

construction add up to equal total salary.  Consequently, the estimated gaps shown in 

Table 5 for the three components of salary add up to the total gap observed in Table 3 for 

the year 2013. 

The leftmost column of Table 5 shows the estimated gender gap in base salary.  The 

estimated gap is both small and statistically insignificant, with an estimated value of 

$556.  This suggests that female faculty do not face disparity in scale placement.  Further, 

because these regressions control for years-in-rank, this means that a male and female 

with the same years-in-rank have the same scale placement, suggesting there is little or 

no disparity in allocation of merit steps. 

Now consider retention awards. Most faculty members do not have retention awards, so 

for most faculty this amount is zero.  For example, in 2013, 11 per cent of faculty at SFU 

had retention awards. Men were more likely to have them than women: 13 per cent of 

men and 6 per cent of women held retention awards in that year.  However, it is also the 

case that retention awards are used unequally across departments, and men are 

concentrated in departments where they are used more intensively.  Our regression 

methodology allows us to disentangle the department effect from the gender effect.  

The second column shows the estimated gender gap in retention awards from our 

regression.  Here, again, we see an estimated coefficient that is small, at $115, and 

statistically indistinguishable from zero.  This suggests that retention awards are not 

disproportionately received by male faculty within the same department.  It is important 

to remember that these regressions control for department, and that high-salary 

departments have much greater use of retention awards than other departments.  

Consequently, the interpretation we offer is that although female faculty members are 
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concentrated in lower-salary departments (see Table 4) where retention awards are used 

less intensively, female faculty have roughly the same access to retention awards within 

higher-salary departments where retention awards are used more frequently. 

The third column shows the estimated gender gap for all other off-scale amounts, 

including market differentials.  Here, we see a gender gap of $1732.  This number is quite 

large in magnitude, absorbing more than 70 per cent of the overall gender gap in salary 

reported in Table 3.  This estimated gender gap is at the margin of statistical significance, 

which means that it is ‘almost’ precise enough for us to be confident that it is not zero.  

Like retention awards, market differentials are more intensively used in high-salary 

departments.  Thus, this gender gap of nearly two thousand dollars adds on to the salary 

differences implied by the distribution of female faculty across departments.  Here, we 

observe that female faculty have market differentials (or other off-scale amounts) lower 

than those of their male colleagues in the same departments.5 

2.4 Is There Disparity in Starting Salaries? 
 

Faculty salary is driven (in an accounting sense) by starting salary, merit pay, progress 

through the ranks, retention awards and other off-scale stipends.  The regressions in 

Section 2.3 suggest that merit pay and progress through the ranks are not important 

factors in gender salary disparity.  Instead, we find that other off-scale stipends drive 

most of the gender gap.  These stipends, in turn, depend on starting salary (which is base 

                                                           
5 The presence of many zeroes in the data may cause econometric problems.  We investigate an alternative 

model that accommodates such zeroes, and find that our conclusions are robust.  More specifically, whereas 

base salary is a nonzero amount for all faculty, only 11 per cent of faculty members had nonzero retention 

awards in 2013 and about 45 per cent of faculty had nonzero other off-scale amounts in 2013.  This means 

that the linear regression model cannot be correctly specified—once the dependent variable hits zero, it 

cannot go negative.  We check to see whether this matters to our conclusions by estimating a tobit 

regression for retention awards and for other off-scale amounts.  Here, the regression line is only defined 

above zero, which fits our data environment.  Tobit regressions are computationally difficult with many 

regressors, so we control for Faculty rather than Department in these regressions. We find an estimated 

gender gap in retention awards of $4120 with a standard error of $3635.  The magnitude is large, but it is so 

imprecisely measured that we cannot distinguish this estimate from zero.  In contrast, we find an estimated 

gender gap in other off scale amounts of $7455 with a standard error of $2298. Here, the magnitude is large 

and the estimate is precise enough to claim that it is nonzero.  Thus, our basic results from the seemingly 

unrelated regression are robust to the presence of many zeroes in the data. 
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salary plus the initial off-scale stipend) and changes to off-scale stipends over a person’s 

career.  Here, we investigate the degree of gender disparity in starting salaries. 

The empirical work above considers faculty members in particular years, in part so that 

we can document the changes in gender gaps over time.  In an investigation of starting 

salaries, we are interested in only the initial salary of faculty members, and not their 

subsequent salary profile. In this work, a year-by-year approach to regression analysis is 

infeasible due to small numbers.  So, for this section, we consider all faculty members in 

their first year of employment throughout the period 2004-2013.  

For these regressions, we control for rank, indicators for chair stipends, indicators for 

each year of the sample and indicators for each department.  In contrast to the regressions 

underlying Table 3, we do not include years-in-rank (since this variable is equal to 0 for 

all observations) and we additionally include year indicators (since we are pooling across 

years over which there was significant salary growth).   

Table 6 gives estimates corresponding to regressions of this type. For comparison, we 

present the model of Table 3 estimated for all faculty (first year at SFU or not) with year 

indicators.6  Here, the estimated gender gap is $1,775, which is in the middle of the range 

of what we find for those years in Table 3.  The next step is to consider only faculty in 

their first year at SFU. 

 

Table 6: Starting Salaries  

 

Pooled 

regression (all 

faculty) 

Starting Salary Controlling for stipend 
Interaction 

female*stipend 

Female coefficient 
-1,775* 

(702) 

-2,620* 

(1,261) 

-2,057 

(1,204) 

535 

(1,428) 

                                                           
6 For the regression that pools all faculty across all years (as opposed to just starting years), the standard 

errors are clustered at the individual level.  If we instead use unclustered robust standard errors, the 

estimated standard error is $267. 



 14 

Stipend coefficient   
1.16* 

(0.21) 

1.19* 

(0.21) 

Female*Stipend 

coefficient 
   

-0.22 

(0.12) 

Observations 8,053 420 420 420 

R-squared 0.81 0.82 0.84 0.84 

Note: An asterisk * denotes significance at the 5% level or higher. Standard errors in parentheses are clustered 

at the individual level in the left column, and heteroskedasticity-robust in all other columns. Other independent 

variables are rank, endowed chair, year and departmental dummies. 

 

The 2nd column of Table 6 gives the estimated gender gap in starting salaries.  Here we 

see that the estimated gender gap is $2,620, which is similar in magnitude to the 

estimated gender gap in overall salary (Table 3) and to the estimated gender gap in off-

scale stipends (Table 5).  This estimated gap in starting salary controls for department.  

Thus, a female starting faculty member may expect to earn $2,620 less than a male 

starting faculty member in the same department. There are two implications here: first, 

overall gender disparity seems to be driven in large measure by starting salary; and 

second, the gender gap in starting salary is likely driven by gender disparity in off-scale 

awards at the point of hiring.  

Are starting salary gaps higher in departments with higher average salaries?  Since SFU’s 

salary system has both initial step placement and initial off-scale stipends, we want to 

know which matters more.  The third and fourth columns of Table 6 attempt to answer 

this question.  Here, we include a new control variable called stipend, which is equal to 

the average value of retention awards plus other off-scale amounts in the person's 

department.  This control variable is constant within departments, and is higher in high-

salary departments.  We expect that starting salaries will be higher in departments with 

higher stipends, and this expectation is corroborated by the estimates given in the third 

column.  Here, we find that for every dollar increase in stipend, the starting salary is 

$1.16 higher.  This increase is more than a dollar-per-dollar because high-pay 

departments face a lot of salary compression from below: their new members have high 

salaries relative to their Department’s average salary.  However, this estimate is based on 

the assumption that male and female faculty have equal access to initial salary stipends. 



 15 

The fourth column of Table 6 assesses whether or not starting salaries for women are as 

responsive as those of men to our stipend variable.  Here, we include an additional 

control variable equal to stipend×gender (an interaction term).  We can read the 

coefficients in this column as follows.   Starting salaries for male and female faculty are 

higher in department and years where stipends are higher.  For men, an increase in 

departmental average stipend of one dollar increases starting salary by $1.19.  But, for 

women, an increase in departmental average stipend of one dollar increases starting 

salary by only $0.99 (equals $1.19-$0.22).  

Once we control for the average departmental stipend, the gender gap in starting salary 

disappears: it has an estimated positive value of $535 but is statistically indistinguishable 

from zero.  We interpret these results on starting salaries as follows.  New faculty 

members in high-pay departments are paid more than new faculty in other departments.  

However, new male faculty members in such departments enjoy a higher starting salary 

than do new female faculty members.  Though we caution that our estimates in this 

section are somewhat imprecise (due to small numbers), these results suggest that the 

poor access of women to starting salary supplements in high-salary departments fully 

accounts for the gender gap of $2,620 between male and female starting salaries.7 

2.5 Is There Disparity in Promotion Rates?  Do Leaves Matter? 
 

SFU’s salary structure allows for larger than typical salary increases at the time of 

promotion.  Thus, the finding that female faculty earn lower salaries than do male faculty 

suggests that access to promotion might be a culprit.  In order to investigate this 

                                                           
7 The simple regressions presented in Table 6 face three econometric issues.  First, since the variable 

stipend is computed at the department level, it seems plausible that there may be other unobserved variables 

that would be relevant to all members of a given department.  The standard tool for this case is adjust the 

standard errors for the estimates by clustering at the department level, which allows for department-level 

unobserved variables affecting salary.  Second, stipend is an average that includes the individual’s value of 

stipend, implying that the dependent variable has a small amount of spurious correlation with stipend.  The 

standard tool for this case is to use the “leave-one-out” average, which excludes the individual’s 

contribution, to compute stipend.  Third, since we control for department and year, these regressions ask “if 

a department’s stipend grows faster than the university average, what happens to starting salaries in that 

department?”. We could alternatively drop controls for department and year, leaving regressions that ask “if 

a department’s stipend goes up by 1 dollar, what happens to starting salaries in the department?”.  In Table 

A6 (Appendix), we provide estimates that use clustered standard errors, leave-one-out averages and 

exclude department and year as control variables.  All our qualitative conclusions are robust to these 

changes.  
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hypothesis, we estimate a Cox Proportional Hazard (CPH; Cox 1972) model for 

promotion, starting with promotion to Full Professor.  Here, we consider all Associate 

Professors in our data to try to identify whether or not gender is correlated with the time 

spent as an Associate before becoming a Full.  If women spend more time in the 

Associate rank than do men, this would explain some of the observed salary difference. 

The CPH model we use specifies that the probability that a person is promoted from 

Associate to Full in given year depends on both the amount of time that a person has been 

an Associate, and on other observed characteristics.  The model is sufficiently flexible as 

to allow for the following features of promotion rates observed in the data: very few 

people are promoted in less than 5 years, many are promoted at exactly 6 or 7 years, and 

some are not promoted at all during the time period we observe.  Like the models above, 

we take account of years-in-rank and whether or not a faculty member holds an endowed 

chair.  Unlike the models above, where we control for Department, in the present CPH 

models we control only for Faculty.  The reason we do this is computational: the CPH 

model is hard to estimate with a long list of control variables.  However, our main 

conclusions do not change if we do control for Department rather than Faculty (though 

the estimates are much less precise in this case).   

Define the odds of promotion as the ratio of the probability of getting promoted to the 

probability of not getting promoted.  Thus, the odds of promotion equals 0 if a person 

will not get promoted, equals 1 if it is a 50-50 chance, and equals 9 if a person has a 90% 

chance of promotion. If the odds are higher, then the probability of promotion is higher, 

so we are looking to see whether the odds go up or down depending on whether the 

candidate is a woman. 

Table 7 gives the estimated proportional effect on the odds of promotion to Full Professor 

in a given year.  These are multiplicative effects on the odds of promotion: numbers 

larger than 1 indicate an increase in the odds of promotion; numbers less than 1 indicate a 

decrease in the odds of promotion. The leftmost column gives estimates for the model 

described above.  Not surprisingly, there is variation across faculties, and not surprisingly, 

chair-holders are much more likely to get promoted in any given year.  The estimated 

effect of gender is that women have 1.19 times the odds of promotion in any given year 
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as do men in the same faculty.  However, this estimate is not statistically distinguishable 

from 1, so we conclude that being female has no effect, or perhaps a positive effect, on 

the rate of promotion from Associate to Full Professor.  

The rightmost column of Table 7 adds 3 new variables to the model: the cumulative 

number of months of different types of leaves taken by each faculty member at the time 

of promotion or attrition from our sample.  We divide cumulated leaves into 3 types: 

medical leave, parental leave and other leave.  Other leave includes sabbatical leave and 

other forms of paid and unpaid leave.  Our objective here is to check whether or not 

accounting for leaves, especially parental leaves, changes our view of whether or not 

gender is relevant to promotion rates. 

 

Table 7: Promotion to Full Professor 

 

Basic CPH Model 
Basic CHP Model + 

Leaves 

Female coefficient 
1.19 

(0.22) 

1.25 

(0.24) 

Medical leave 

coefficient 
 

0.93 

(0.04) 

Parental leave 

coefficient 
 

0.97 

(0.04) 

Other leave 

coefficient 
 

1.03* 

(0.01) 

Observations  

(# Promotions) 

533 

(165) 

533 

(165) 

Note: An asterisk * denotes significance at the 5% level or higher. 

Standard errors in parentheses. Regressions are pooled across all years 

2004-2013 and control for Faculty fixed effects and endowed chairs. 

 

The right-hand side shows an estimated effect of gender of 1.25, meaning that conditional 

on the amount of leave taken, women have 1.25 times the odds of men of getting 

promoted to Full in any given year.  However, this estimate is not statistically 
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distinguishable from the no-effect value of 1.  Looking down the column, we see that 

medical leave is correlated with lower promotion rates. Women have somewhat higher 

usage of these medical leave than do men, which would lead to lower promotion rates.  

However, given their higher conditional promotion rate, these two effects roughly cancel 

each other out, leaving women with a similar overall promotion rate to that of men.   

Table 8 gives estimates for promotion to Associate Professor.  These results should be 

taken with a grain of salt because there may be (due to life-cycle and other issues) more 

attrition of junior faculty than of senior faculty prior to promotion. For example, Assistant 

Professors may leave SFU because they have very good outside options and would have 

been promoted for sure, or because they have terrible inside options and would have been 

denied promotion for sure.  Further, years-in-rank does not count as experience in other 

institutions, which is commonly non-zero for new Assistant Professors at SFU.  

Table 8: Promotion to Associate Professor (Tenured) 

 

Basic CPH Model 
Basic CHP Model + 

Leaves 

Female coefficient 
0.86 

(0.14) 

1.24 

(0.23) 

Medical leave 

coefficient 
 

0.94* 

(0.02) 

Parental leave 

coefficient 
 

0.94* 

(0.02) 

Other leave 

coefficient 
 

1.03* 

(0.01) 

Observations  

(# Promotions) 

464 

(303) 

464 

(303) 

Note: An asterisk * denotes significance at the 5% level or higher. 

Standard errors in parentheses. Regressions are pooled across all years 

2004-2013 and control for Faculty fixed effects and endowed chairs. 

 

Here, in contrast to what we saw for promotion to Full Professor, the point estimate is 

less than 1 in the left column, indicating that women might have lower odds of promotion 

to Associate Professor than do men (0.86 times the odds in a given year).  However, as in 
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the CPH model for promotion to Full Professor, we see that this estimated gender effect is 

statistically indistinguishable from the no-effect value of 1. 

As in our estimates for promotion to Full Professor, we see from the right column that 

medical leave reduces the odds of promotion to Associate Professor.  Additionally, 

parental leave reduces the odds of promotion to Associate Professor. These effects are 

large and relatively precisely estimated.  Faculty members who use parental or medical 

leave before promotion to Associate have much lower promotion rates than those who do 

not.  Because leaves are measured in months, a person who took a 4 month parental leave 

would multiply their odds of promotion by 0.94 four times in a row to get the cumulated 

effect on their odds of promotion.  Such a person would have 0.78 times the odds of 

promotion as a similar person who did not take a parental leave. 

As in our model for promotion to Full Professor, when we control for leaves taken, 

women have higher odds of promotion than men.  However, given their higher 

conditional promotion rate, and given that women are more intensive users of parental 

and medical leave, women have similar odds of promotion to those of men. 

We investigated whether or not leaves had the same effect on the odds of promotion for 

women as they do for men.  In particular, we wondered whether or not parental leave 

reduced women’s odds of promotion more than it reduces men’s odds of promotion.  We 

tested this idea by adding interactions between leaves and the gender of the leave-taker to 

the models shown in the right-hand columns of Tables 7 and 8.  We found that these 

additional variables were jointly insignificant in the model.  That is, we found no 

evidence that leaves affect women’s odds of promotion differently from how they affect 

men’s odds of promotion. Parental and medical leave are associated with lower odds of 

promotion, but similarly so for men and women. 
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In sum, we do not see strong evidence that female faculty face lower promotion rates than 

do men.  But, we do see evidence that faculty members who take parental and medical 

leave have lower promotion rates, and women more frequently use those leave types.8 

2.6 Baseline Estimates: Teaching Faculty 

 

The preceding discussion has focused exclusively on research faculty.  In this section, we 

consider whether or not there are gender gaps in salary among teaching faculty.  Table A5 

(Appendix A) provides summary statistics for teaching faculty at SFU in 2013. Table 9 

gives raw salary gaps in dollar and percentage terms.   Here, the gaps are smaller than 

those observed for research faculty, amounting to approximately $2,000 in most years. 

                                                           
8 Insofar as women tend to take longer medical and parental leaves than men, they will also be 

disproportionately be affected by those leaves. In the current SFU policy, both adopted and biological 

mothers can take a longer parental leave than can fathers.  
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Table 9: Salary Gap, Raw Differentials - Teaching Faculty 

Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

male 72,981 73,842 74,740 77,222 80,455 84,396 87,018 87,452 88,471 91,707 

female 70,748 70,779 72,234 75,230 78,939 83,045 84,511 84,821 86,611 89,465 

gap -2,233 -3,063 -2,506 -1.992 -1,516 -1,351 -2,507 -2,631 -1,860 -2,242 

Gap (%) -3.0% -4.1% -3.3% -2.6% -1.9% -1.6% -2.9% -3.0% -2.1% -2.4% 

Observa-

tions 
92 99 110 115 118 121 130 137 141 146 

Note: Teaching faculty is Lecturer and Senior Lecturer. Annual salary does not include administrative 

stipends and departmental units. 

 

Table 10 gives regression estimates of the dollar gender gap in salary over 2004 to 2013.  

Here, we control for rank (lecturer or senior lecturer), years-in-rank and its square, and 

department.   

 

Table 10: Ordinary Least Squares Regression on Annual Salaries of Teaching Faculty 2004-2013 

year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

female 
722 

(1,249) 

340 

(1,119) 

11 

(1,068) 

105 

(1,175) 

342 

(1,021) 

-190 

(958) 

-444 

(1,105) 

-459 

(967) 

-217 

(1,043) 

-918 

(1,289) 

Observa-

tions 
92 99 110 115 118 121 130 137 141 146 

R-

squared 
0.70 0.70 0.76 0.81 0.83 0.82 0.75 0.78 0.73 0.68 

Note: An asterisk * denotes significance at the 5% level or higher. Teaching faculty is Lecturer and Senior 

Lecturer. Dependent variable is annual salary, not including administrative stipends. The standard errors in 

parentheses are heteroskedasticity-robust. Regressions control for the following covariates: rank (lecturer 

or senior lecturer), years-in-rank, years-in-rank squared, and departmental units. 
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The estimated gaps are between $722 (that is, a gender premium for women) in 2004 and 

-$918 in 2013.  As the estimated standard errors are all about $1,000, none of these 

estimated gaps are statistically distinguishable from zero.  Thus, we find no significant 

evidence of gender disparity in salary among teaching faculty.  The overall time trend, 

however, seems to be the similar to what we observe for research faculty in that point 

estimates (which are themselves statistically insignificant) are declining over time. 

3. Discussion: Gender Salary Disparity at SFU  

The preceding sections demonstrate that female faculty members are paid less than their 

male colleagues at SFU, by amounts similar to the disparities found at UBC and the 

University of Victoria in their gender equity studies. At SFU, pay disparity is not driven 

by disparity in base salary (aka: scale), but rather is dominated by disparity in off-scale 

amounts, including market differentials but not including retention awards. Women are 

less likely to be found in departments that intensively use such supplements to base 

salary.  However, even within those departments, women have smaller off-scale 

supplements, and this is largely determined by initial salary. 

These findings are all contingent on our observed control variables: rank, years-in-rank, 

Department and whether or not faculty members hold endowed Chairs.  However, there 

are many other variables that both affect salary and are correlated with gender.  Our 

estimated gender gaps are equal to the sum of a direct gender effect (take a person, switch 

their gender and see what happens) and indirect effects running through these correlated, 

but missing, control variables.   

For example, we control for Department, but do not control for subfield within 

Department.  If women sorted into lower pay subfields within Departments, then this 

would induce a gender gap given our estimation procedure even if there was no pay 

difference between men and women in the same subfield.  Alternatively, we control for 

rank, but do not control for committee workload.  We know that most departments have 

fewer women than men, and that by University regulation, both genders are required to 

serve on the most important and onerous committees. This implies higher committee 

workloads for women. If a high committee workload is both correlated with being a 

woman and induces lower research output and thus lower salary, then even if our 
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estimation procedure showed no gender gap, a gender gap would emerge if we controlled 

for committee workload.   

We offer one last bit of empirical work to complement our findings, summarized in the 

bullet points in Section 5 below.  Tables 11a and 11b present regression results identical 

to those of baseline model shown in Table 3, except that the regressions are done 

separately for members of departments where the average stipend (defined in Section 2.4) 

is less than $2500 and for members of departments where the average stipend is greater 

than or equal to $2500. That is, we run our baseline regressions separately for 

departments that use off-scale supplements only a little, and for all other departments.  

The results we present are robust to alternative choices of the threshold. 9 

The results from Section 2 suggest that we should see little or no gender disparity in the 

former departments and a lot of gender disparity, which grows over time, in the latter 

departments.  The estimates reported in the tables coincide with these expectations.  From 

Table 11a, we see that in the departments that have lower average off-scale supplements 

(18 departments in 2004, 16 departments in 2013), there is no evidence of gender 

disparity in salary in any year. Table 11b gives estimates for all other departments.  Here, 

we see that the estimated gender gaps are noticeably larger than those shown in Table 

11a, and that they are statistically significant in all the years 2008 and after.10

                                                           
9 The cutoff value of $2500 is approximately equal to the 25th percentile of stipend.  We checked to see if it 

makes a difference if we choose a higher cutoff.  If a cutoff of $5000 is used instead, all of the qualitative 

results remain.  
10 However, we note that many differences between estimated coefficients in Tables 11a and 11b are not 

statistically significant: for example, in 2013, the estimated gap is $422 in departments with lower average 

off-scale supplements and $3530 in other departments.  The difference of $3108 has a standard error of 

$1663, which makes the difference close to statistically significant, but not statistically significant. 
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Table 11a: Effect of “female” in Ordinary Least Squares Regression on Annual Salaries 2004-2013, departments with stipend<2,500 

Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

female 
630 
(735) 

37 
(692) 

-367 
(664) 

-414 
(661) 

-1,010 
(788) 

-764 
(754) 

-418 
(799) 

-549 
(738) 

-1,246 
(829) 

-422 
(858) 

Observa-
tions 

312 274 270 282 305 271 248 245 216 243 

R-
squared 

0.92 0.92 0.92 0.92 0.89 0.89 0.89 0.90 0.90 0.89 

Note: An asterisk * denotes significance at the 5% level or higher. Dependent variable is annual salary, not including administrative stipends. The standard errors in 

parentheses are heteroskedasticity-robust. Regressions control for the following covariates: rank, stipend holders, years-in-rank, years-in-rank squared, and dummies 

for departmental units. 

 

Table 11b: Effect of “female” in Ordinary Least Squares Regression on Annual Salaries 2004-2013, departments with stipend>2500 

Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

female 
-486 
(1,292) 

-1,862 
(1,296) 

-1,486 
(1,285) 

-2,090 
(1,193) 

 -2,361* 
 (1,252) 

 -3,053* 
 (1,213) 

-2,617* 
 (1,217) 

-2,465 
 (1,308) 

-2,639* 
 (1,295) 

-3,530* 
(1,425) 

Observa-
tions 

386 464 514 546 545 572 580 583 616 581 

R-
squared 

0.72 0.71 0.72 0.72 0.71 0.72 0.74 0.72 0.72 0.70 

Note: An asterisk * denotes significance at the 5% level or higher.  Dependent variable is annual salary, not including administrative stipends. The standard errors in 

parentheses are heteroskedasticity-robust. Regressions control for the following covariates: rank, stipend holders, years-in-rank, years-in-rank squared, and dummies 

for departmental units. 
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4. Salary Equity Studies and Institutional Responses at Other Universities  

Other universities have tried to address gender disparity via direct salary compensation 

for female faculty and/or via structural or institutional measures.  This section provides 

an overview of compensation and structural measures taken at other academic 

institutions. 

4.1 Salary Compensation Strategies 
 

In this section, we provide a brief overview of the various direct salary compensation 

approaches that other universities have taken to reduce female-male salary differentials, 

focusing on the following Canadian universities: 

 McGill University 

 McMaster University 

 University of British Columbia (UBC) 

 University of Manitoba 

 University of Victoria  

 University of Western Ontario (UWO) 

These universities were chosen according to the availability of public records on both the 

results of their gender equity studies as well as their chosen methods of distributing 

compensations in response to their studies. All studies were conducted using the same 

methodological approach as the present study (regression analysis).  

It is useful to distinguish three broad categories of methods to increase female salaries 

and address gender disparity in pay.  

Group salary awards increase pay for all women by the same amount, which is based on 

the average pay gap as identified by regression analysis.  Across-the-board salary awards 

are consistent with regression analysis in that subsequent to fixed salary awards for all 

women, new regression estimates would show smaller disparity. They also are easy to 

administer.  At the same time, all women are given the same salary increase, including 

individual women who might already be paid more than their male counterparts.  
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This type of compensation method was chosen to address male-female salary disparity at 

UBC, the University of Manitoba, and most recently McMaster University, following 

their salary equity investigations in 2010, 1994, and 2015, respectively. It is (in modified 

form) also being recommended as a response to the 2014 pay equity study at the 

University of Victoria.  

At UBC, where a salary gap of $3000 was found (similar in magnitude to the $2403 

shown in Table 3 above for SFU in 2013), all tenure-track female faculty members were 

awarded a 2 percent permanent pay increase.   

At the University of Manitoba, female faculty base salary was increased by 2.84 per cent 

(Falconer, 1994) following an estimated pay gap of 3 per cent. A subsequent 

investigation at the same university in 2007 found that the pay gap had halved to 1.4 per 

cent, and no further salary adjustments were made.  

In April of 2015, McMaster University announced that it plans to increase all female 

faculty members’ salaries by an absolute amount of $3,515 to ensure pay equity among 

its faculty. The change responds to the results of a two-year study of McMaster’s Office 

of Institutional Research and Analysis, which found an average salary gap of that 

magnitude.11
 

In the University of Victoria case, the equity study established a male-female pay 

differential, which was negative (females were paid more than males) for early-career 

faculty members and positive (females were paid less than males) for tenured faculty. 

Based on the recommendations of the Joint Committee on Gender Equity, the University 

of Victoria recently moved forward with a group award correcting for the estimated 

average pay gap as it varies with years of experience. In particular, it increased base 

salaries for female faculty members with more than 6.5 years of experience, and 

increased base salaries for male faculty members with less than 6.5 years of experience.  

                                                           
11 At the time of writing, the study was not yet publicly available. The announcement by McMaster was 

made on April 29th 2015 and widely reported in the media. See for example http://www.thespec.com/news-

story/5590575-mcmaster-to-boost-all-female-faculty-members-salaries/. 
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“Below-the-line” corrections are applied only to those individuals whose actual salaries 

are lower than the salary the regression analysis predicted given their observed individual 

characteristics.  If financial resources are scarce, the advantage of this compensation 

method is that it targets those individuals with the greatest pay disparity. The 

disadvantage of the approach is that it is inconsistent with regression analysis: average 

pay differentials are not equalized and gender gaps therefore re-appear in follow-up pay 

equity studies, resulting in a repeated cycle of regression analysis and award distribution. 

Moreover, since compensation is only offered to those below the regression line, this 

method penalizes high salary faculty members. To the extent that salary is correlated with 

productivity, this may be a disadvantage of this approach. 

“Below-the-line” corrections were used at UWO and McGill University.  UWO 

undertook a total of five salary equity studies (1975, 1989-91, 1995, 2005, and 2009). 

The most recent study in 2009 found no statistically significant difference between 

salaries of male and female faculty members, but found that gender-related salary 

differentials had arisen in new hires since the last equity study and subsequent adjustment 

in 2005. The university made $500,000 available in awards for gender-based below-the-

line adjustments, to be distributed through a Salary Anomaly Committee, established 

under the Collective Agreement. Faculty members were not required to apply, or to be 

nominated, to receive a gender-based adjustment. McGill University undertook two 

equity studies in 1999/2000 and again in 2009. McGill’s response to the first study was to 

create a $1 million salary anomalies fund to be distributed through “below-the-line” 

corrections12. There was no response in terms of direct compensation of female faculty 

members after McGill’s most recent study in 2009, which found an average pay gap of 

men over women of 3.2 percent.  

 

Individual Case Reviews put the burden of proof on individual faculty members to argue 

that their salary is anomalous and apply for a correction. The results of case reviews are 

generally disconnected from the results of a regression analysis, which – by construction 

– cannot be applied to individuals. Similar to below-the-line corrections, case reviews are 

                                                           
12 See University of British Columbia (2012). 
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time-consuming to administer, penalize top performers, and do not align with regression 

methods (that is, follow-up salary equity studies would continue to find salary disparity).  

In addition, individual case reviews may be more prone to subjective bias and may 

therefore be more open to controversy within departments.  

The University of Waterloo employed a method of individual case reviews, which was 

informed by a regression analysis as part of a gender equity study. Following the most 

recent of a total of four studies (1977, 1988, 1993, and 2009), the University first 

identified individuals whose salary fell below predicted salary levels of the regressions by 

more than 10% or $5,000. Those individuals were then contacted and asked if they would 

like an individual investigation of their salary by the Working Group on Women’s Salary 

Equity.13 Before McMaster University announced the across-the-board increase of $3,515 

for female faculty members in 2015, it had exclusively relied on the initiative of 

individual faculty through a salary anomaly adjustment process.  Here, members could 

request a review of their salary if they felt that it was inconsistent with their performance 

at the University or out of alignment with their peers (Yates, 2014).  

4.2 Institutional Strategies 
 

We now provide a list comprised of example structures and initiatives that have been 

recommended, or implemented, at other academic institutions. The list is not meant to be 

comprehensive and was compiled in no particular order, drawing heavily on the Report of 

the Gender Pay Equity Recommendation Committee at UBC (2012), the Yates (2014) 

Report of the Task Force on Gender Equity at McMaster University and Harvard 

University (2005)’s Report of the Task Force on Women Faculty. 

4.2.1  Starting Salaries and Hiring Practices 

Reducing gender inequity in starting salaries may reduce overall inequity and improve 

recruitment and retention outcomes for female faculty. Possible measures are: 

 Provide short-listed Tenure Track faculty candidates with salary and 
                                                           
13 Individuals where the screening process had not identified a possible anomaly were also contacted 
and asked whether they believed the screening had overlooked their case, and whether they wanted 
their salary investigated. See University   of   Waterloo (2009). 
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compensation for relevant disciplines during the selection process  

 Conduct annual audits at the Faculty and University level to review past year’s 

starting salaries and revise as appropriate  

 Develop and communicate principles and guidelines on starting salaries free of 

gender bias  

 Targeted hiring: create a fund for the appointment of outstanding scholars from 

groups that are underrepresented in a Department or Faculty 

4.2.2.  Equity Training  

Equity training can be provided to address subconscious bias in recruitment, retention, 

and promotion. Possible measures are: 

 Develop/review “best practices” guidelines for key university policies relating to 

the advancement and recognition of faculty on campus (tenure and promotion, 

merit and salary, leave policy) 

 Provide training to adhere to these guidelines for Deans, Heads and Directors, 

Hiring Committees (including Deans and senior administrators) and Tenure & 

Promotion Committees 

4.2.3  Mentoring 

Helping Assistant and Associate Professors  to benefit from the experience of peers and 

ensure that they progress through their careers successfully. Possible measures are: 

 Establish a university-wide mentoring program 

 Offer leadership training for faculty members interested in becoming Chairs or 

senior leaders, with specific training modules geared at the barriers women need 

to overcome to become leaders 

 Work with female faculty to increase their rate of application for funding 

4.2.4  Oversight 

An administrative body dedicated to equity and diversity could work closely with the 

president in support of faculty development and faculty diversity. Possible measures are  
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 Create a senior position at the associate VP level with focus on equity and/or 

faculty diversity to monitor and implement key equity initiatives, bring together 

the various practices of the departments and Schools, and initiate new programs, 

as appropriate 

 Establish a standing Senate committee on equity and diversity 

4.2.5 Monitoring 

Experiences at other institutions underscore the critical role of data in effecting long-term 

cultural change. Possible measures are:  

 Data Collection (“Track Metrics”) about equity issues including salary at the 

Vice-President (Vice-Provost) level 

 Initiate Working Climate/Equity studies, university wide or in priority faculties   

 Provide for comprehensive annual employment equity audits, reporting on a 

variety of statistics with respect to the employment of disadvantaged groups 

 Mandate periodic salary equity audits to monitor salary equity on a continuing 

basis 

4.2.6  Improving Work and Life Conditions  

Although work-life balance is an issue for both male and female faculty at SFU, women 

generally play a greater role in unpaid caring and domestic work at home. This can have 

a negative impact on women’s productivity, and thus competitiveness, particularly in 

critical tenure-track years, which tend to intersect with having young children. Possible 

measures are: 

 Develop “Best Practice” Work-Life Policies 

 Increase Availability of Child Care and Financial Support for Child Care 

Expenses 

 Make tenure clock/appointment extensions automatic upon granting parental 

leave  

 Make improvements as necessary to ensure clarity, transparency of existing 

sexual harassment policies and appropriate access to information across all the 
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University. 

5. Summary and Conclusions  

The empirical work in Sections 2 and 3 leads to several conclusions about gender salary 

disparity among SFU faculty: 

 We see gender disparity in salary among research faculty and not among teaching 

faculty. 

 Male research faculty members earn more than female research faculty members.  

Much of this disparity is driven by the sorting of faculty across departments, and 

the distribution of faculty across ranks.  

 Using regression analysis, we consider whether or not there is gender pay 

disparity controlling for rank, department and years-in-rank.  That is, we ask “do 

male and female research faculty with the same years of service in the same 

department at the same rank have different salaries?”  We find that the gender 

salary gap controlling for rank, department and years of service was 

approximately zero in 2004, but grew to over $2400 by 2013. 

 We find no evidence of gender disparity in promotion rates to Associate or Full 

Professor. 

 We find that faculty who take medical leaves face greatly reduced odds of 

promotion to Associate and Full Professor. Further, Assistant Professors who take 

parental leaves face much lower odds of promotion to Associate Professor.  These 

effects are similar for men and women, but women are much more intensive users 

of both leave types than are men. 

 We find that the gender salary gap is not driven by gender gaps in base salary 

(aka: scale; merit), or by gender gaps in Retention awards, but rather by gender 

gaps in other off-scale amounts, notably Market Differentials. 

 We find that nearly all the gender salary gap observed in 2013 can be attributed to 

gender disparity in starting salaries.  Gender differences in starting salaries are 

small or zero in lower-salary departments and large in higher-salary departments. 
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Our review of previous gender equity studies and institutional responses in Section 4 

shows that the magnitude of gender salary disparity found at SFU is similar to that seen at 

other Canadian universities.  In response to their gender equity studies, other academic 

institutions have undertaken a wide range of responses, including salary compensations, 

institutional changes and formalized monitoring structures. 

  



 33 

5. References  

Blinder, Alan S. “Wage discrimination: reduced form and structural estimates.” Journal 

of Human resources (1973): 436-455. 

Cox, D. R. “Regression models and life-tables (with discussion).” Journal of the Royal 

Statistical Society, Series B 34 (1972): 187–220. 

Cox, D. R. and Oakes, D. (1984). Analysis of Survival Data. New York: Chapman & 

Hall. 

Harvard University, Report of the Task Force on Women Faculty, Cambridge, MA (2005), 

retrieved January 7th, 2015 from 

http://www.faculty.harvard.edu/sites/default/files/downloads/Women_Faculty_Full%20R

eport_0.pdf 

McMaster University, Summary of an Analysis of Gender Pay Equity of Full-Time 

Faculty Members, Office of Institutional Research and Planning at McMaster University, 

Hamilton, ON (2014), retrieved January 13, 2015 from 

www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summar

y_Mar_31_2014.pdf. 

Oaxaca, Ronald. "Male-female wage differentials in urban labor markets." International 

Economic Review (1973): 693-709. 

Oaxaca, Ronald L., and Michael R. Ransom. "On discrimination and the decomposition 

of wage differentials." Journal of Econometrics 61.1 (1994): 5-21. 

University of British Columbia, Report of the Gender Pay Equity Recommendation 

Committee, Vancouver, BC (2012), retrieved January 24, 2015 from 

http://www.facultyassociation.ubc.ca/docs/news/GenderPayEquity_UBCV%20Report%2

0Recommendation%20Committee2012-07.pdf 

University of British Columbia, An Analysis of the Gender Pay Gap in Professorial 

Salaries at UBC, Report of the Pay Equity (DATA) Working Group, Vancouver, BC 

(2011), retrieved January 24, 2015 from 

http://www.facultyassociation.ubc.ca/docs/news/GenderPayEquity_Report_DATA.pdf 

University of Victoria, Summary Report of the Joint Committee on Gender Pay Equity at 

the University of Victoria, Victoria, BC (2014), retrieved January 7, 2015 from 

http://www.uvic.ca/vpacademic/assets/docs/genderpayequity/FINALGET_SummaryJuly

14th2014.pdf 

University   of   Waterloo,   Report   of   the   Working   Group   on   Women’s   

Salary   Equity, Waterloo, ON (2009) accessed January 13, 2015 at 

https://uwaterloo.ca/provost/sites/ca.provost/files/uploads/files/Report-of-the-Working-

Group-on-Womens-Salary-Equity-Final.pdf 

http://www.faculty.harvard.edu/sites/default/files/downloads/Women_Faculty_Full%20Report_0.pdf
http://www.faculty.harvard.edu/sites/default/files/downloads/Women_Faculty_Full%20Report_0.pdf
http://www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summary_Mar_31_2014.pdf
http://www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summary_Mar_31_2014.pdf
http://www.facultyassociation.ubc.ca/docs/news/GenderPayEquity_UBCV%20Report%20Recommendation%20Committee2012-07.pdf
http://www.facultyassociation.ubc.ca/docs/news/GenderPayEquity_UBCV%20Report%20Recommendation%20Committee2012-07.pdf
http://www.facultyassociation.ubc.ca/docs/news/GenderPayEquity_Report_DATA.pdf
http://www.uvic.ca/vpacademic/assets/docs/genderpayequity/FINALGET_SummaryJuly14th2014.pdf
http://www.uvic.ca/vpacademic/assets/docs/genderpayequity/FINALGET_SummaryJuly14th2014.pdf
https://uwaterloo.ca/provost/sites/ca.provost/files/uploads/files/Report-of-the-Working-Group-on-Womens-Salary-Equity-Final.pdf
https://uwaterloo.ca/provost/sites/ca.provost/files/uploads/files/Report-of-the-Working-Group-on-Womens-Salary-Equity-Final.pdf


 34 

Yates, C. “Women faculty now and in the future: Building excellence at McMaster 

University.” Report of the Task Force on Gender Equity at McMaster University, 

McMaster University, Hamilton, ON (2014), retrieved January 9 2014 from 

www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summar

y_Mar_31_2014.pdf 

Zellner, Arnold. “An efficient method of estimating seemingly unrelated regressions and 

tests for aggregation bias.” Journal of the American Statistical Association 57.298 

(1962): 348-368.  

http://www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summary_Mar_31_2014.pdf
http://www.mcmaster.ca/vpacademic/documents/Gender_Pay_Equity_Analysis_Final_Summary_Mar_31_2014.pdf


 35 

Appendix A: Additional Tables  

 

Table A1 Female Research Faculty by Departmental Unit 2013 

Departmental Unit Fraction of Fem Faculty Total # of Faculty 

Archaeology .3 10 

Beedie School .32 76 

Biological Science .24 34 

Biomed Physiology .25 20 

Chemistry .12 26 

Communication .36 25 

Computing Science .12 42 

Contemporary Arts .55 22 

Criminology .25 24 

Earth Sciences .15 13 

Economics .18 34 

Education .64 61 

Engineering Science .21 24 

English .52 31 

First Nations St .5 2 

French .43 7 

Gender Sexuality 1 4 

Geography .45 20 

Gerontology .2 5 

Health Sciences .36 33 

Hellenic Studies 0 2 

History .35 23 

Humanities .33 9 

Interact Arts .26 19 

International S .11 9 

Linguistics .56 16 

Master of Public Pol .56 9 

Masters of Publ 0 2 

Mathematics .16 32 

Mechatronics .077 13 

Molecular Biology .35 26 

Philosophy .3 10 

Physics .17 24 

Political Science .29 17 

Psychology .36 36 

Resource & Environ .19 16 

Sociology & Ant .67 18 

Statistics & Act .35 20 

Surrey Exploration 1 2 

Urban Studies .4 5 

World Literature .67 3 

Total .33 824 

 

 

Table A2: Summary Statistics for Academic Faculty (Year 2013, 824 Observations) 

gender 
Mean 

salary 
#Full #Assoc #Assist #CRC 

#Lead 

Edge 
#Brby.Mtn #Univ.Pr 

Mean yrs-in-

rank 

male 128,111 267 223 62 22 4 9 7 7.9 

female 115,635 92 138 52 13 0 2 2 5.3 

overall 123,992 359 351 114 35 4 11 9 7 
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Table A3: Salary Gap, Raw Differentials by Rank 

Rank Year 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 

Assist. male 78,206 79,171 81,514 85,226 88,717 92,271 95,528 97,483 99,813 102,691 

female 74,885 77,281 77,096 80,615 84,927 88,110 91,396 91,878 92,783 95,603 

gap 3,321 1,890 4,418 4,611 3,790 4,161 4,132 5,605 7,030 7,088 

gap% -4.42% -2.39% -5.42% -5.41% -4.27% -4.51% -4.33% -5.75% -7.04% -6.09% 

Assoc. male 90,736 94,193 97,824 101,136 104,365 108,435 111,033 110,689 111,827 115,481 

female 86,664 88,329 92,263 95,233 99,674 103,902 105,735 106,130 108,039 110,390 

gap 4,072 5,864 5,561 5,903 4,691 4,533 5,298 4,559 3,788 5,091 

gap% -4.48% -6.62% -5.69% -5.84% -4.50% -4.18% -4.77% -4.12% -3.39% -4.41% 

Full male 113,401 115,628 119,719 124,531 129,999 134,468 137,989 139,021 141,448 144,563 

female 109,376 110,519 114,152 118,635 121,350 125,331 129,211 130,363 131,005 134,254 

gap 4,025 5,107 5,567 5,896 8,649 9,137 8,778 8,658 10,443 10,309 

gap% -3.55% -4.42% -4.65% -4.73% -6.65% -6.79% -6.36% -6.22% -7.38% -7.13% 

 

 

 

 

 

 

 

 

Table A4: Summary Statistics for Retention Awards and Other Off-Scale Amounts, 2013 

gender Retention Other Off-Scale 

 Full Assoc Assist Full Assoc Assist 

Male % 22 4 2 34 60 71 

Male avg 18,298 10,407 7,500 26,897 24,046 30,794 

Female % 14 3 0 25 42 52 

Female avg 14,056 9,267 NA 19,053 23,626 26,270 
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Table A5: Summary Statistics for Teaching Faculty (Year 2013, 146 Observations) 

gender Mean salary # Lecturer # Senior Lecturer Mean yrs_in_rank 

male 91,706 267 223 7.9 

female 89,467 92 138 5.3 

overall  359 351 7 

 

 

 

 

Table A6: Starting Salaries  

 

Pooled 

regression (all 

faculty) 

Starting Salary Controlling for stipend 
Interaction 

female*stipend 

Female coefficient 
-4,716* 

(1,116) 

-6,825* 

(2,240) 

-1,569 

(1,531) 

1,207 

(1,438) 

Stipend coefficient   
1.23* 

(0.17) 

1.32* 

(0.17) 

Female*Stipend 

coefficient 
   

-0.25* 

(0.09) 

Observations 8,053 420 419 419 

R-squared 0.52 0.51 0.76 0.76 

Note: An asterisk * denotes significance at the 5% level or higher. Standard errors in parentheses are clustered 

at the department level, and heteroskedasticity-robust. Other independent variables are rank and endowed chair 

indicators.  Stipend is computed with a leave-one-out average.  The leave-one-out averages is not available for 

1 individual (who was alone in their department) . 
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